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Abstract

Human got the knowledge in various ways,
but mostly from school. In the process of
learning, attention affects the learning result. In
the other words, attention is a basis of learning
well. If a teacher can find immediately that a
student is not concentrative, then the teacher can
alert the student to improve the learning attitude
at the right moment. This research is expected to
recognize the EEG signal as attention or
inattention through EEG measure. First, we used
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the wireless apparatus to measure and record
EEG signal. And all the useless data were filtered
manually. Finally, we used Support Vector
Machine (SVM) classifier to calculate and
analyze the data. The classifier can recognize
EEG data as two classes (attention or inattention).
According to our experiment results, the attention
recognition rate in this research is 71.17%.
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